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Fig. 1 Geographical overview of Tianjun County
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Tab.1 Vegetation index calculation formula
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Table 2 Functional representations of conventional

statistical models
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Table 4 A univariate linear regression monitoring model of

aboveground biomass in grassland
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Table 5 Nonlinear regression monitoring model of aboveground biomass in grassland
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Table 6 Multivariate linear regression model of aboveground biomass in grassland
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Table 7 Effect evaluation of biomass estimation model on grassland
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Remote sensing monitoring model for above ground
biomass of grassland in Tianjun County

ZHANG Zhen-xi', Linzhaxijianzuo *, Huadanrenging *, GAO Tai-zhen’,
MA Wei-cai', XIE Jiu-xiang"
(1. College of Agriculture and Animal Husbandry , Qinghai University, Xining 810016, China;2. Forestry

and Grassland Station of Tianjun County , Tianjun 817200, China; 3. State-owned Forest Farm of Tianjun
County, Tianjun 817200, China)

Abstract: [ Objective] To monitor the above-ground biomass (AGB) of grassland in Tianjun County quickly,
accurately and on a large scale. [Method] This research used the Landsat 8 OLI remote sensing image data of Tian-
jun County and the biomass data of 43 sample points in the same period to establish a Normalized Differential Vegeta-
tion Index (NDVI), Soil Adjusted Vegetation Index (SAVI), Modified Soil-Adjusted Vegetation Index (MSAVI),
Ratio Vegetation Index (Ratio) Vegetation Index, RVI) ) and a remote sensing statistical model of aboveground bio-
mass in grassland by analyzing the correlation between the remote sensing vegetation index and the aboveground bio-
mass of grassland. [ Result] The research showed that there was a good correlation between the remote sensing veg-
etation index and the aboveground biomass of grassland in Tianjun County, but the fitting effects of different statisti-
cal models were different. The multiple linear regression model established by 4 independent variables had a better fit-
ting effect than the univariate linear regression model. The cubic regression model established by the remote sensing
vegetation index and grassland aboveground biomass had better fitting accuracy than the univariate linear and multi-
variate regression models. [ Conclusion] The linear height was y=116. 122°+898. 48x*+ 1 672. 1x— 1 003. 4, which
was suitable for monitoring the aboveground biomass of grassland in Tianjun County. This study provides model sup-
port and theoretical reference for the estimation of aboveground biomass of grassland in Tianjun County.
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